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Handwritten Character Recognition Based on
Self-Organizing Network with Double-X Feature

ZHONG Chong-liang"?, DING Yalin', FU Jin-bao'
(1. Changchun Institute of Optics, Fine Mechanics and Physics, Chinese Academy of Sciences ,Changchun 130033, China;
2. Graduate University of Chinese Academy of Sciences, Beijing 100039, China)

Abstract: By studying of image processing, character feature extraction and neural network
including network type selection, network parameter optimization, training and adjustment,
the handwritten character recognition method based on self-organizing network with double-
X feature as input is proposed. First of all, the image is preprocessed including gray, binary-
zation, tailoring and scaling. Second, the characters’ double-X feature extraction method is
utilized to extract feature information of various characters. Finally, the feature data of cha-
racters is input into self-organizing network for learning and to determine the ideal network
parameters after many tests, so that it can be self-organized to distinguish the character-
mode. Experimental results show that this approach reduces the amount of data inputed to
the network, and the interference of redundant information to network, and the complexity
of network processing was considerably reduced. The network training error is small and the
network misjudged rate is just about 12%.
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Handwritten character images after gray processing
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Handwritten character images after binarization
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Fig. 3 Contrasts of the matrices corresponding to hand-

written character “A” before and after image pre-

processing
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Fig. 7 Connection form of organization competition network
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