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Image Denoising Research of Combining Mean Filtering
with Poisson Kernel Improved Bilateral Filtering
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ABSTRACT : Aiming at the low denoising accuracy and the serious loss of image information of the mean filtering, a
method of combining mean filtering with Poisson kernel improved bilateral filtering is put forward to reduce noise and
retain the detailed information of images. The bilateral filtering is not adaptive in parameter selection and its detection
of noise points is inaccurate. Firstly, the noise of the image was pre—processed by mean filtering, and then the pre—
processed image was finally denoised by the bilateral filtering improved with Poisson kernel. The combination of the
two algorithms can achieve the improvement of denoising and protecting the edge details. The experiment results show
that the proposed algorithm can effectively protect the detailed information and reduce the noise while improving the

image quality, compared with the traditional mean filtering and the mean filtering combined with the traditional bilat-

eral filtering. Therefore, the algorithm of this paper has high practical value.
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